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Suffix Singular Plural Type Token
/-(e)n/ Strasse Strassen 48% 45% ZEBFICE L Der Strasse — Die Strassen
/-e/ tlund Huflde 2% 21% B%/FERERICE LY Den Hund — Die Hunde
Kuh Kiihe
1.0/ Daumen Dal.l.men 17%  29% B /R 2 55 o 2 L
Mutter Miitter
or/ Kind Kinder 4% 3%
Wald Wailder
/sl Auto Autos 4% 2% NREBICZ L Das Autos — Die Autos

Table 1: German plural system with examples, ordered
by CELEX type frequency (Sonnenstuhl and Huth,

2002).
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Non-rhymes

Rhymes

Bral
Kach
Klot
Mur
Nuhl
Pind
Pisch
Pund
Raun
Spand
Spert

Vag

Marcus et al. (1995) C

Bnaupt
Bneik
Bnohk
Fnaht
Fneik
Fnohk
Plaupt

Pleik
Plik
Pnaht
Prong
Snauk
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fnaht
plak
pnaht
plaupf

prong
fnohk
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fneik
bnohk
snauk
pleik
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bneik
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(Non-Rhymes). Regardless of the minority-default
question, 1t seems that ED models do not necessar-
ily function as good cognitive approximations for
inflectional systems like German number, 1n which
no class holds the majority.
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